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Abstract: Dynamic studies on conditional cash transfer-focused (CCT) poverty in Indonesia have not revealed whether Program Keluarga Harapan 
(PKH) has had a significant amount of impact on household poverty. This study aims to properly investigate how PKH affects the household poverty 
status in Indonesia and whether it has had a positive impact on the Foster, Greer, and Thorbecke (FGT) indices. PKH has been associated with the 
increase in the level of PCE of beneficiary households by 1.46% and the decrease in the probability of becoming poor by 0.36%; nevertheless, it is not 
statistically significant. PKH has also been related to declines in the headcount ratio, the poverty gap index, and the severity index in most provinces. 
Overall, the two-year implementation of PKH has more likely provided the poor households with long-term benefits rather than short-term ones, which is 
limited to only six provinces. 
 
Index Terms: Conditional Cash Transfer, household poverty status, headcount ratio, poverty gap index, severity index. 

——————————      —————————— 

 

1. INTRODUCTION 
Poverty, one of the alleviation agendas of the United Nations’ 
Sustainable Development Goals (SDGs), is a persistent issue 
in developing countries, including Indonesia. For instance, the 
poverty rate of Indonesia reached a peak of 16.58% in 2007, 
decreasing significantly to 13.33% in 2010 and falling to a low 
of 10.64% (27.77 million people) in 2017 [1]. Although the 
poverty rate is decreasing, the number seems to be still 
relatively high, as it suggests that almost 28 million people are 
living under the poverty line. This trend has become a 
significant issue; therefore, the Indonesian government has 
made the poverty alleviation program their priority, and this 
program requires a budget. Furthermore, it needs an 
economical approach in order to further investigate what 
causes such existence and how to formulate an appropriate 
poverty alleviation policy. A significant number of studies 
suggests that the persistence of poverty must be investigated 
both in the dynamic and static term. Both have merits and 
demerits. As Bidani and Ravallion [2] contended, a static 
concept of poverty involves observing the population living 
under the given poverty line at a certain point in time. In this 
case, it is useful to analyze the trend of poverty in terms of the 
general impact of a policy. For instance, the study by 
Suryahadi and Sumarto [3] examined cross-sectional data to 
estimate poverty and vulnerability in Indonesia before and 
after the 1997–1998 crisis.  

They found that the levels of poverty and vulnerability 
increased after the crisis, and much of the increase was a 
result of an increase in chronic poverty. However, such 
measurement might lead to a less precise understanding of 
the cause of poverty persistence, as it would not be able to 
explain the process of poverty. Meanwhile, Müller [4] indicated 
that poverty is not merely a static event, which may cause a 
person to become poor due to some factors called shocks. 
Therefore, poverty is rather a dynamic phenomenon, since it 
could alternate over time, which means that some poor people 
might not remain poor after a certain point of time [5]. Thus, it 
needs a way to measure the reducing poverty policy by 
conducting poverty studies in dynamics terms rather than as a 
static concept.  
  
2   LITERATURE REVIEW 
There has been an increase in evidence of poverty that 
supports the government in reducing the poverty rate of 
Indonesia. Grimm and Gräb [6] argued that the poverty rate in 
1993–97 fell in 1997–2000 due to the decrease in the level of 
poverty in the rural areas of Indonesia. As confirmed by 
Alisjahbana and Yusuf [7], the longer the schooling years of 
the household head, the less the probability of the household 
to fall into chronic poverty. This study also found that IFLS 
data of 1993 and 1997 was significantly helpful in 
understanding the change of poverty status. Moreover, the 
study by Dartanto and Nurkholis [8] contended that human 
resources, family characteristics, the type of area, capital 
position, and job position have a higher probability of 
influencing poverty status. Suryahadi and Dewi [9] conducted 
a poverty dynamics analysis in Indonesia, which revealed the 
existence of inefficiency in accessing poverty assistance. 
Generally, such previous researches take into account the 
poverty dynamics concept for addressing the problems related 
to poverty persistence in Indonesia. Within the last two 
decades, the government of Indonesia has cut down fuel 
subsidies by raising the price of fuel at least three times in 
2005, 2009, and 2013 to maintain the balance in the national 
account. Consequently, this increase caused shock in the 
households who live close to the poverty line. In the initial year 
of 2005, the number of beneficiaries was 15.4 million 
households, and the number increased by 18.8 million 
households in 2009 [10]. Such numbers suggest that the 
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shock has increased the number of poor households. 
However, there was an implementation of schemes that 
involved cash transfers, namely, Bantuan Langsung Tunai 
(BLT), which aimed to assist those impacted by such shocks. 
BLT seemed to be one of the most successful social net 
policies, but later, this policy burdened the national account 
since the extent of the quota was increasing. Although BLT 
seems to be effective in addressing poverty, it contains some 
inclusion and exclusion errors [9], implying that some non-
household beneficiaries were included in the targeted basket 
and some eligible beneficiaries were not covered by the 
program. Besides this, such a program tends to fault when it 
comes to addressing the issues of the target population due to 
changes in the sociodemographic factors of the beneficiaries. 
This issue forces the government to update the beneficiary’s 
baseline data in a comprehensive manner in order to meet the 
efficiency targets and change the program from unconditional 
to conditional. Although it is necessary for the government to 
introduce social net programs after a shock, it is also important 
to implement cash transfer programs out of such shocks such 
as conditional cash transfer (CCT). This is due to the fact that 
such a program can help those whom the government 
categorizes as extremely poor escape poverty and improve 
their living condition. Program Keluarga Harapan (PKH) is one 
of the cash transfer programs that was implemented in 
Indonesia in 2007, which benefitted 0.72 million poor 
households in the first wave [11]. This program was designed 
in a way to positively impact beneficiary households such that 
it can improve their children’s academic performance [12] and 
school achievements in rural areas [13]. Moreover, the impact 
of the study by Hadna and Kartika [12] found that CCT has 
helped elementary school students continue their studies up to 
a higher educational level. Evidence showed that there has 
been a significant increase in the student enrollment rate at 
the junior high school level. Furthermore, as confirmed by 
Leroy et al. [14], CCT can improve children’s nutrition, which 
implies that such a program benefits the children in Latin 
America in their anthropometry development. Moreover, the 
study conducted by Carpio et al. [15] found that the CCT 
program impacted the volume and quality of child labor in 
Nicaragua. They suggested that CCT motivated the parents to 
decrease the responsibilities of their child/children within their 
respective households and promoted their performance in 
school. Generally, such studies concluded that CCT positively 
impacted children of poor household, but they did not focus on 
whether the CCT program can impact the poverty dynamics of 
the households. Although there are many studies on poverty 
dynamics and CCT in Indonesia, information on how PKH has 
impacted the poverty status of households is still incomplete. 
Therefore, this research is attempting to fill this void by 
analyzing how PKH impacts the poverty status in Indonesia 
and whether PKH has had a positive impact on the Foster, 
Greer, and Thorbecke (FGT) indices. It intends to investigate 
whether CCTs can raise household per-capita income (PCE) 
and shift the poverty status of poor households and analyze 
the impact of PKH on poverty headcount ratio (P0), poverty 
gap index (P1), and severity index (P2). 
 
3 CONCEPTUAL FRAMEWORKS 
Analyzing poverty in static terms might lead to the generation 
of inaccurate conclusions; therefore, by taking advantage of 
the longitudinal data, the study of poverty in Indonesia in 
dynamic terms can help policymakers understand what 

causes households to fall in and out of poverty. Such a study 
can also help identify the effectiveness of poverty-reducing 
policies. However, studies of poverty dynamics in relation to 
CCTs in Indonesia have not revealed whether PKH has 
positively impacted the poverty status of poor households. 
Therefore, this study will observe two waves of panel data with 
the intention to explain whether such policies enable poverty 
alleviation. According to Yaqub [5], there are two ordinary 
approaches that are frequently used by experts to define 
chronic and transient poverty, namely, spell and component 
approaches. Both of these approaches rely on panel data. The 
first one takes into account how long households have 
experienced spells of poverty during an extended time; as 
Hulme et al. [16] stated, if a household’s income is under the 
poverty line for a certain length of time, it can be considered to 
be chronic poor. On the other hand, a household is transient 
poor if its income alternates around the poverty line. The 
transient (-) and transient (+) correspond to falling into and 
escaping from poverty, respectively. Furthermore, a household 
that always has a higher consumption level than the ones in 
the poverty line is considered to be never poor [16]. 
Commonly, there is a five-year gap between the initial and 
end-line surveys. However, it is an arbitrary criterion, since it is 
related to panel data release [16]. The households that 
experienced alternations around the poverty line in between 
two periods can be categorized as transient poor [17]. On the 
other hand, the second approach examines the idiosyncratic 
factors that lead households to poverty. It is useful for 
understanding what factors cause them to be chronic poor 
rather than distinguishing them from the transient poor. This 
study implements the former approach, as it measures the 
households’ poverty status between two different periods. 
 
4 METHODOLOGY 
This study employs an impact evaluation analysis, observing 
whether the CCT affects a household’s poverty status. 
According to Khandker et al. [18] there are at least seven 
methods that can be used for this impact analysis. However, 
this study performs only two methods—propensity score 
matching (PSM) and difference-in-differences (DID). This is 
due to the fact that PSM can maintain independence between 
the characteristics before imposing the program. Moreover, 
these methods compare only the performances of the 
beneficiary and non-beneficiary households. Furthermore, DID 
can eliminate the observed and unobserved time-invariant. 
With the data obtained from a household socio-economic 
survey conducted by the World Bank, the analysis examines 
14,763 samples of households from the initial to the follow-up 
year. The panel surveys had covered six provinces and were 
conducted in 2007 (baseline year) and 2009 (follow-up year). 
This research also applies the Foster-Greer-Thorbecke (FGT) 
formula to analyze the poverty status (head-count index) and 
the ordered logit model to examine the determinants of 
poverty dynamics. FGT is a group of indices that describes 
poverty incidence in three ways—the head-count ratio, the 
poverty gap, and the severity index [19]. The following is its 
formula: 

𝑃 =
1

𝑁
∑(

𝑧 − 𝑦 
𝑧

)
 

  

   

, (𝑦 − 𝑧) (1) 

Here, 𝛼 = 0, 1, 2 
N = Population 
Np = The population of the poor 
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z = Poverty line 
yi = Per capita Expenditure (PCE) 

 
Propensity Score Matching (PSM) is a proximity mean that 
forms a counterfactual based on the probability of participating 
in the program by matching the characteristics of the 
beneficiaries (treatment group) with those of the non-
beneficiaries (control group). Thus, the outcome for both 
groups can now be compared. 

 
𝑃(𝐷  = 1) = 𝐹(𝑋    ) (2) 

 
Here, 

Dit = 1, if a household is attached to the program 
Dit = 0, if a household is not attached to the program 
Xit–1 = The sociodemographic factors that are assumed 

to affect poverty, such as age, gender, educational 
attainment, work status of the household head 
and field of work, the number of elderly household 
members, the number of children in the 
household, child labor, homeownership, and 
access to electricity and clean water. 

 
Initially, DID calculates the difference in the outcomes 
between the treatment and the control group by employing the 
average treatment effect on the treated (ATT), which has been 
described as follows: 
   = (  −   |𝐷 = 1) =  (  |𝐷 = 1) −  (  |𝐷 = 1) (3) 

Here, E denotes the expected value;    represents the 
outcome after imposing the program;    is the outcome before 
imposing the program; D = 1 represents the treatment group. 
The last term on the right-hand side can be acquired using the 
PSM method. Thus, the impact of the PKH can be determined 
by using the following equation: 

 𝑃 = 𝑃 (  |𝐷 = 1) − 𝑃 (  |𝐷 = 1) (4) 
Here, the left-hand-side terms represent the change 

with the poverty headcount ratio, the poverty gap, and the 
severity index of PKH beneficiaries by subtracting from their 
counterfactual.  

This study utilizes the following regression equation for 
DID, as employed by Heckman et al. (1998): 

   = 𝛽 + 𝛽   + 𝛽 𝑃𝐾𝐻  + 𝛾  𝑃𝐾𝐻  + 𝑒   (5) 

Here: 
Yit = outcome variable on households i in t = 

2007 and t = 2009 
β0 = intercept 
β1 = time effect 
β2 = the selection effect of being targeted or 

not targeted 
γ = the PKH or DID effect 
j = sub-district of the treatment group 
T = time dummy, 1 for 2009 and 0 for 2007 
PKH = dummy for the treatment group, 1 for 

receiving PKH benefits, 0 for not receiving 
PKH benefits 

eit  = error term. 
The dependent variable is the outcome measured on 

households—the headcount ratio (P0), the poverty gap (P1), 
and the severity index (P2)—for assessing the impact of PKH 
on the household’s poverty status.  
The independent variables are the primary variable and the 
control variable. The main independent variable in this study is 
the status of the household, receiving or not receiving PKH 

while the control variable is the vector of sociodemographic 
factors, which determines whether a household is being 
targeted for PKH. This vector determines the characteristics of 
the treatment households, including age, gender, status and 
primary profession of the household head, household size, 
age of schooling, type of roof, wall, and floor, type of latrine, 
the waste disposed of, access to electricity and clean water, 
access to social assistance, type cooking fuel used, assets, 
and health insurance.  
 
5 RESULTS AND DISCUSSION 
PKH has been associated with an increase in PCE of the 
beneficiary households by 1.46%; however, it is not 
statistically significant. The DID regression yields little 
evidence that shows PKH has impacted the PCE of 
households in the treatment group, as summarized in Table 4. 
Initially, sociodemographic factors such as age, year of 
schooling, and field of work of the household head, family size, 
community participation, the quality of the roof, floor, and wall, 
access to clean water and electricity, availability of kitchen, 
electronic appliances, latrine, septic tank, assets, and health 
insurance are included in the model. These factors decreased 
the probability of rejecting Ho above 10 percentage points. 
Therefore, with the omission of these variables, the 
significance of PKH’s impact increases to 11.2%.  

 
Table 4. The Impact of PKH on PCE Using DID Regression 

 
 
 

 
 
 
 

Source: Calculated by the authors based on follow-up 
data 
Table 5 summarizes the combination method between PSM 
and DID, showing that PKH is associated with the decreased 
probability of the beneficiaries’ households being poor by 
0.36% compared to those of the control group; however, the 
Average Treatment on Treated (ATET) is not statistically 
significant. There is little evidence to suggest that the impact 
of PKH on the poverty status of the beneficiary’s households is 
in the lower significance level, as illustrated in column 5. One 
possible explanation is that the time range between the 
evaluation and the program’s implementation is relatively 
short. This finding is consistent with the study by Alisjahbana 
and Yusuf [7], Hadna and Kartika [12], Garcia and Hill [13], 
and Carpio et al. [15], which mentions that PKH has a long-
term effect rather than a short-term one. Furthermore, the 
amount of cash they receive is relatively low, unable to 
support their daily life. Another possible reason, as Dartanto 
and Nurkholis [8] found, is that rather than the mere imposition 
of the PKH, there might be changes in the sociodemographic 
factors that might affect the poverty status of households in 
the treatment group.  

 
Table 5. The Impact of PKH on Poverty Status 

 

Variable Coeff. SE Z P > z 

(1) (2) (3) (4) (5) 

LnPCE 
    Intercept 12.03538 0.00569 2114.93 0.000 

Year 0.21961 0.00648 33.87 0.000 
PKH -0.01550 0.00812 -1.91 0.056 
PKHYear 0.01463 0.00920 1.59 0.112 
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Source: Calculated by the authors based on follow-up 
data 

 
PKH has been associated with decreased headcount ratio 
between the households receiving benefits of the program and 
those who do not receive its benefits in three provinces, 
except in DKI Jakarta, West Java, and Gorontalo, as indicated 
as negative difference in column 8, Table 6. The first 
difference in the poverty incidence between the beneficiaries 
and non-beneficiaries in these provinces is 7.7%, -0.4%, and -
0.7% consecutively. Later, these numbers increased 
significantly in 2009 to 23.1%, 0.7%, and 4.5% 
correspondingly, as seen in the second difference in column 7. 
Therefore, it can be seen that the poor households in these 
provinces failed to escape poverty. One potential clue is the 
increased poverty line in 2009, which is relatively higher than 
the cash transfer they received from the program, remains the 
same as in the baseline year. Another possibility is that this 
chronic poverty tends to be inefficient in accessing such 
poverty assistance, as found by Suryahadi and Dewi [9]. On 
the contrary, the changes in sociodemographic factors might 
explain the decreased gap in the rest of the provinces. This 
finding is in line with the study by Grimm and Grab [6], who 
found that decreased poverty incidence in rural areas might 
contribute to the decreased poverty headcount ratio. 

 
Table 6. The Impact of PKH on Poverty Headcount Ratio (P0) 

 

Provin
ce 

2007 
 

2009 
DID 
(4-
7) 

Treatm
ent 

Contr
ol 

Diff 
 Treatm

ent 
Cont
rol 

Diff 
 

(1) (2) (3) (4)  (5) (6) (7) (8) 

DKI 
Jakart
a 0.744 0.667 

0.07
7 

 

0.795 
0.56
4 

0.2
31 

0.1
54 

West 
Java 0.507 0.511 

-
0.00
4 

 

0.442 
0.43
5 

0.0
07 

0.0
11 

East 
Java 0.418 0.422 

-
0.00
4 

 

0.393 
0.42
0 

-
0.0
27 

-
0.0
23 

NTT 0.378 0.332 
0.04
6 

 

0.341 
0.36
0 

-
0.0
18 

-
0.0
64 

North 
Sulaw
esi 0.312 0.307 

0.00
5 

 

0.245 
0.24
3 

0.0
02 

-
0.0
03 

Goront
alo 0.397 0.403 

-
0.00
7 

 

0.448 
0.40
3 

0.0
45 

0.0
52 

Source: Calculated by the authors based on baseline and 
follow-up data 

 
In addition, Table 6 implies that households who received the 
program’s benefits in the baseline year, as well as the 
evaluation year, are mostly not categorized as extremely poor, 
as seen in columns 2 and 5. Additionally, only 50% or less of 
the beneficiaries live below the poverty line, meaning that the 
program still has an inclusive and exclusive error like the 
previous social-net program [9]. However, these households 
are more likely to be categorized as transient poor rather than 
extremely poor. Unlike the impact of PKH on the poverty 
headcount ratio, for all provinces, PKH has been associated 
with decreased DID in the poverty gap index between the 
treatment group and the control group, as shown in Table 7. 

Although DKI Jakarta has the least P0 impact (see Table 6), it 
has the highest impact on the decreased poverty gap index at 
14.5% among six provinces. This implies that PKH can be 
associated with a narrowed gap between the poor and non-
poor households in that area. The second-highest impact is in 
West Java, followed by East Java with an 11.8% and a 10.2% 
difference, respectively. The last three provinces, NTT, 
Gorontalo, and North Sulawesi have experienced the least 
impact of the program on the poverty gap, which suggests that 
there are lower inequality gaps between the poor and the non-
poor in those areas.  

 
Table 7. The Impact of PKH on Poverty Gap Index (P1) 

Province 

2007 2009 
DID 
(4-7) 

Treat
ed 

Contr
ol 

Diff 
Trea
ted 

Contr
ol 

Diff 

(1) (2) (3) (4) (5) (6) (7) (8) 

DKI 
Jakarta 0.183 0.178 0.005 

0.23
5 0.145 

0.09
0 

-
0.14

5 

West Java 0.151 0.144 0.007 
0.12

0 0.118 
0.00

2 

-
0.11

8 

East Java 0.099 0.099 0.000 
0.09

9 0.102 

-
0.00

3 

-
0.10

2 

NTT 0.114 0.097 0.016 
0.08

6 0.093 

-
0.00

7 

-
0.09

3 

North 
Sulawesi 0.081 0.077 0.003 

0.06
0 0.052 

0.00
7 

-
0.05

2 

Gorontalo 0.098 0.100 
-

0.002 
0.11

8 0.085 
0.03

3 

-
0.08

5 

Source: Calculated by the authors based on baseline and 
follow-up data 

 
Like the program’s impact on P1, PKH relatively has the same 
impact on the poverty severity index (P2), as demonstrated in 
Table 8. The conditional cash transfer has been associated 
with decreased severity in poor households in the treatment 
area. It can be seen that the most impacted area is DKI 
Jakarta, followed by West Java, East Java, NTT, and 
Gorontalo at 5.3%, 4.5%, 3.6%, 3.5%, and 2.9% difference, 
respectively. However, the program is less likely to impact 
North Sulawesi at a 1.7% decrease in P2. Moreover, although 
this last province has the lowest poverty gap, it has the least 
severity in poverty.  

 
Table 8. The Impact of PKH on Poverty Severity Index (P2) 

Province 

2007 2009 DiD 
(4-
7) 

Treat
ed 

Contr
ol 

Diff 
Treat

ed 
Con
trol 

Diff 

(1) (2) (3) (4) (5) (6) (7) (8) 

DKI Jakarta 0.061 0.063 

-
0.00

2 0.101 
0.05

3 0.048 

-
0.05

3 

West Java 0.062 0.057 
0.00

5 0.046 
0.04

5 0.001 

-
0.04

5 

East Java 0.034 0.034 
0.00

0 0.036 
0.03

6 0.000 

-
0.03

6 

NTT 0.050 0.042 
0.00

8 0.034 
0.03

5 
-

0.001 

-
0.03

5 
North 
Sulawesi 0.031 0.029 

0.00
2 0.021 

0.01
7 0.004 

-
0.01
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7 

Gorontalo 0.033 0.034 

-
0.00

1 0.043 
0.02

9 0.014 

-
0.02

9 

Source: Calculated by the authors based on baseline and 
follow-up data 

 

6 CONCLUSIONS 
PKH has been associated with an increase in PCE of the 
recipient households by 1.46% and a decrease in the 
probability of becoming poor by 0.36%, as compared to the 
control group in 2009; however, these findings are not 
statistically significant. Nonetheless, a possible explanation for 
this is the use of quite a short-term impact measurement 
(between 2007 and 2009) and the distribution of a relatively 
small nominal sum through cash transfers. The government 
had expected that PKH would have a long-term effect in terms 
of improvement in human capital and shifting the socio-
demographic factors related to household poverty status. PKH 
has been associated with the decreased in the headcount ratio 
difference between the households imposed by the program 
and those in the control group in most provinces of Indonesia, 
except DKI Jakarta, West Java, and Gorontalo. Most 
households who received the benefits of the program are not 
categorized as extremely poor in both the baseline and 
evaluation years. However, these households are more likely 
to be categorized as transient poor rather than extremely poor. 
The program still has inclusive and exclusive errors. Further, 
PKH has been associated with decreased DID between the 
poverty gap of those households under the program and the 
control group in all provinces. The transfer has also been 
associated with decreased severity among poor households in 
the target area. However, overall, the implementation of PKH 
has benefited the poor households in the target beneficiary 
area in terms of the decreased gap of poverty headcount ratio, 
poverty gap index, and severity index. The decreased 
difference of FGT indices does not necessarily mean 
successful CCT, as the poverty line continuously increases. 
Therefore, poverty incidence could increase at the same time. 
Thus, in order to tackle this situation, a good policy is 
necessary to extend the quota and the coverage of the 
program beneficiaries since there is a significant number of 
poor households that still do not receive the benefits of the 
program. Moreover, an evaluation of the nominal amount of 
the cash transfer received by the beneficiary households is 
necessary, as increasing inflation rate tends to lower the real 
value of cash. Furthermore, a revisit survey is necessary to 
update the households’ sociodemographic factors, which 
might have changed during the program’s implementation 
years. Further, a strict validation process to improve the 
beneficiary households’ database essentially leads to the 
minimization of mistargeting due to inclusion and exclusion 
errors. 
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